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INTRODUCTION 

Big data has become the major problem in the IT 

Technology. Big data as the name suggests is all about 

handling large amount of data. It is used to describe any 

type of data which is structured, unstructured and grow 

so large which is difficult to manage with regular 

database and statistics tools. The rapid proliferation  of 

data in the last decade leads to the scalability and 

inefficiency problems in the existing service 

recommender systems. In the current hotel service 

recommender systems are providing only basic 

information like overall ratings about the hotels. This 

information will not be sufficient for current user to get 

recommendations as per each user personalized 

requirements, because different user has diverse 

preferences. Thus the traditional service recommender 

systems fails to meet user personalized requirements.  

Current service recommendation methods are usually 

used. Content-based approaches recommend services 

similar to those the user preferred in the past. 

Collaborative filtering (CF) approaches recommend 

services to the user that users with similar tastes 

preferred in the past. Hybrid approaches combine 

content-based and CF methods in several different 

ways.  

In CF based systems, users will receive 

recommendations based on people who have similar 

tastes and preferences, which can be further classified 

into item-based CF and user-based CF. In item-based 

systems; the predicted rating depends on the ratings of 

other similar items by the same user. While in user-

based systems, the prediction of the rating of an item 

for a user depends upon the ratings of the same item 

rated by similar users. 

RESEARCH ARTICLE ISSN: 2321-7758 

SERVICE RECOMMENDER SYSTEM FOR USER’S PERSONALIZED REQUIREMENTS 

 

S.NANDHINI1, S.PAVITHRA2, N.POOJITHA3, M.SANGEETHA4 
1,2,3Students, 4Assistant Professor Department of Computer Science and Engineering 

Panimalar Engineering College 

Article Received: 13/03/2015 Article Revised on; 19 /03/2015 Article Accepted on:24/03/2015 

ABSTRACT  

The main aim of this project is to develop a Keyword-Aware Service Recommendation method, named KASR, to 

address scalability and inefficiency problem in big data with traditional service recommender systems, which 

fails to meet user’s personalized requirements. 

 

 

 

 

 

 

©KY Publications 

    
   S.NANDHINI             S.PAVITHRA           N.POOJITHA 



International Journal of Engineering Research-Online  

A Peer Reviewed International Journal   
Articles available online http://www.ijoer.in 

Vol.3., Issue.2, 2015 

 

145     S.NANDHINI   et al., 

 

As the time flies so fast in busy daily life, every user 

wishes to get recommendation service quickly as per 

his/her preferences. And in this work, we will take 

advantage of a user-based CF algorithm to deal with our 

problem. User based collaborative filtering algorithm is 

used to get appropriate recommendations to each user 

as per his/her requirements. For that, our proposed 

system is implemented in hadoop and on map reduce 

framework, a cloud computing tool
 [14].

 

EXISTING WORK  

 In most existing service recommender systems, such as 

hotel reservation systems and restaurant guides, the 

ratings of services and the service recommendation lists 

presented to users are the same. They have not 

considered users' different preferences, without 

meeting users' personalized requirements. Most 

existing service recommender systems are only based 

on a single numerical rating to represent a service's 

utility as a whole. In fact, evaluating a service through 

multiple criteria and taking into account of user 

feedback can help to make more effective 

recommendations for the users.Existing Approaches 

solve the scalability problem by dividing dataset. But 

their method doesn't have favorable scalability and 

efficiency if the amount of data grows.  

PROPOSED WORK 

 Service recommendation method, for user’s 

personalized requirements, is proposed in this paper, 

which is based on a user-based Collaborative Filtering 

algorithm
 [6]

.In KASR, keywords extracted from reviews 

of previous users are used to indicate their preferences. 

Moreover, we implement it on HADOOP Map Reduce as 

its computing framework. In KASR, keywords are used 

to indicate both of users' preferences and the quality of 

candidate services. A user-based CF algorithm is 

adopted to generate appropriate recommendations. 

KASR aims at calculating a personalized rating of each 

candidate service for a user, and then presenting a 

personalized service recommendation list and 

recommending the most appropriate services to 

him/her. Moreover, to improve the scalability and 

efficiency of our recommendation method in, we 

implement it by splitting the proposed algorithm into 

multiple Map Reduce phases. 

 

 

 

MODULE DESCRIPTION 

1 .BIG DATA AND ENVIRONMENT 

Huge Collection of data is retrieved from open source 

datasets that are publicly available from major Travel 

Recommendation Applications. Big Data Schemas were 

analyzed and a Working Rule of the Schema is 

determined. The CSV(Comma separated values) files 

were read and manipulated using Java API that itself 

developed by us which is developer friendly ,light 

weighted and easily modifiable. 

2. BATCHING AND PREPROCESS  

The Traditional View of Service Recommender Systems 

that shows Top-K Results are displayed with Paginations 

with which a user can navigate Back and Forth of the 

Result sets. All Services Ratings and Reviews of Each 

Hotels are listed. POS (Parts of Speech) Tagger and 

Chucker Process are done on each and every review of 

all hotels for all countries in a Parallel and Distributed 

Manner as Batch jobs. The Master Job is Split up into ‘n’ 

no of small Batch jobs based on the slave machines 

Connected with the Master. POS Tagger tags each 

words of a review with its tags and the Clunker Process 

will take POS tagged output as input for Groping the 

Words based on meaning of the Review.  

3. DIGGING IN BIG DATA & SERVICE RECOMMENDER 

APPLICATION 

The CSV Files in distributed Systems are invoked 

through Web Service Running in the Server Machine of 

the Host Process through a Web Service Client Process 

in the Recommendation System
 [11].

The data that 

Retrieved to the Recommendation Systems are 

provided with a clean GUI and can be queried on 

Demand. Each and Every process on the 

Recommendation Application invokes Web Service 

which uses light weighted traversal of data using XML. 

The Users can Review each hotel and can post 

comments also. The Reviews gets updated to the CSV 

Files as it get retrieved. A User can scan or schedule a 

Travel highlighting his requirements in a detailed way 

that shows the Preference Keywords Set of the Active 

User. A Domain Thesaurus is built depending on the 

Keyword Candidate List and Candidate Services List. The 

Domain Thesaurus can be Updated Regularly to get 

accurate Results of the Recommendation System.  
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Admin login:  
 

 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Preprocessing-Tagging: 
 

 

 

 

ARCHITECTURE DIAGRAM: 

 

SCREEN SHOTS : 
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Chunking process: 

 
User’s Enrollment and login: 

 

 
 
 User’s requirements are given: 
 

 
 
 
 
 
 



International Journal of Engineering Research-Online  

A Peer Reviewed International Journal   
Articles available online http://www.ijoer.in 

Vol.3., Issue.2, 2015 

 

148     S.NANDHINI   et al., 

 

 

 
OUTPUT: 

 
 

 

4. MAP REDUCE AND HADOOP 

To improve the scalability and efficiency of service 

recommendation methods in big data environment we 

use Hadoop. HADOOP is an open source cloud 

computing platform inspired by map reduce framework 

of Google to overcome the problems of processing large 

volume of data. The preferences of active users and 

previous users are transformed into their corresponding 

preference keyword sets PAK and PPK respectively. PAK 

represents Preferences of active user Keyword set and 

PPK represents Preferences of Previous user Keyword 

set. 

Active user: 

An active user refers to a current user needs 

recommendation .Active user can give his/her 

preferences by selecting keywords from a keyword-

candidate list. The active user should also select the 

importance degree of the keywords as “1” represents 

the general, “3” represents important and “5” 

represents very important.  

Previous user: 

Previous User refers to people who has visited the 

particular hotel and have given his/her reviews that will 

be updated in the database. Keywords will be extracted 

from those reviews. In the review snippet collection we 

tag each review based on pos (parts of speech). We 

remove meaningless tags and stop words in the reviews 

snippet collection. To remove the commoner 

morphological and in flexional endings from words in 

English we use the Porter Stemmer Algorithm. 

     Each review will be converted into a keyword 

according to the keyword-candidate list and domain 

thesaurus. If the review contains a keyword as in the 

domain thesaurus, then the corresponding keyword 

should be extracted into the   Preferences of Previous 

user Keyword set (PPK).  

Similarity computation: 

In similarity computation, reviews of previous users who 

have similar tastes to an active user should be 

identified; thereby we may be able to find the 

neighborhoods of the active user based on the similarity 

of their preferences. If the intersection of PPK and PAK 

is null set, then it implies no similarity keyword between 

the previous user and active user. Thereby reviews that 

are not similar between the active and previous user  

will be  removed. 
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5. KASR and Analysis: 

The Chunked Reviews of the Similar User List is 

retrieved and the Keywords corresponding to the User 

is analyzed for its Valence and Arousal. Valence Means 

Weather the Keywords Means a positive or Negative 

thing and Arousal answers, how much it is? Ratings are 

given for each Domain based on the Valence and 

Arousal for each User of each hotel. The Overall Hotel 

Rating is now manipulated by taking average values of 

each Rating of several users of a particular hotel. Now 

ranking is done for all hotels based on Ratings and will 

be sorted based on Bubble Sort Algorithm to have the 

Most appropriate personalized Recommendation for 

the User. The Results will be analyzed with Graphical 

Views so as to understand easier. 

CONCLUSION 

 To improve the scalability and inefficiency 

problem in existing service recommender systems, we 

go for a method named KASR-keyword aware service 

recommendation method. In KASR Active user gives 

his/her requirements by selecting keywords from 

keyword candidate list. Besides the active user should 

also select the importance degree of the keywords. 

User-based collaborative filtering algorithm is used to 

generate appropriate recommendations. We do POS 

tagging and chunking process to get a meaningful 

keyword while extraction. We distinguish the positive 

and negative preferences from the previous user 

reviews via NLP, valence and arousal so that we get 

more accurate predictions. Improved version of KASR is 

implemented on a Mapreduce framework, parallel 

computing and in Hadoop platform to address the big 

data problems so that it improves the scalability and 

efficiency over existing approaches. 
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